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On Recoverability of Blind Source Separation

Based on Sparse R epresentation

TAN Hua-haq LU Hat+ln
(Faculty of App liedM athen atics Guangdong Un ve ity of Technobgy Guangzhou 510006 Ch na)

Abstract This paper discusses the recoverability of underdeterm ned blnd source separation (BSS), based on a
v o-stage sparse representatbn approach. W ithin the stochastic franew ok blind source separation it is usually pre-
dicted that source signals are sufficiently sparse This paper esti ates recoverability probab ility when source sgnals
are not sufficiently spars¢ whih not only reflects the relationshp beween the recoverability and sparseness of
sources but also indicates the effectveness of he two-stage sparse representation appwach to soling BSS
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